
DATA M INING : A N EFFECTIVE TEC H N IQ U E TO  STUDY  CO NSU MER 
BUYING  BEH AVIO R 

 
Sudhakar Bhoite  

 

Abstract 

 

In the industrial scenario the degree of success of  the any Organization and the 
M anager’s job is measured by the ratio of Outputs t o Inputs. Thus, this ratio 
becomes the indication of Organization’s Productivi ty. Hence, all 
managerial/administrative activities revolve around  decision making. The 
manager is first and foremost a decision maker. As M anagers have considered 
‘Decision M aking’ a pure art, a talent required for  long period of the time 
through experience. A variety of individual styles could be used in analyzing a 
problem and finally solving successfully managerial  problems. These managerial 
styles are often based on Creativity, Judgment, Int uition and experience rather 
than on systematic quantitative methods based on a scientific way. But in today’s 
situation business and its dynamics are rapidly cha nging and have become more 
complex than ever before. These changes in business  world has wider impact on 
the managerial decision making process. Due to this  situation, today decision 
making is more complicated than it was in the past.  It is more difficult to make 
decisions for several reasons. H arbridge H ouse  (a Boston Firm) has conducted a 
survey , and ranked Clear-cut decisions  needed as the m ost im portant  of 10 
m anagem ent practices . As the trends are changing, it is very difficult to rely upon 
trial and error approach to management, in case of decision is unstructured and 
semi-structured decision making situations. M anager s must learn sophisticated, 
new tools and techniques. Using these technological  tools such as Data M ining, 
its mostly hot- cake in today’s managerial decision  process.  

 
K eyw ords: Data M ining- DM , Unstructured-US, Sem i-structured-S S, Structured-S, 
Decision Process-DP 
 

1. Data M ining - A  K ey aspect : Discovering hidden values in the form  of D atabases : 
Data m ining(DM ), the extraction of hidden predictive information fro m large databases , 
is a powerful new technology w ith great potential t o help com panies focus on the m ost 
im portant inform ation in their databases. Data m ini ng tools enables to predict future 
trends and behaviors, allow ing businesses to m ake p roactive, knowledge-driven 
decisions. The autom ated, prospective analyses offe red by DM . 
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m ove beyond the analyses of past events provided by  retrospective tools typical of 
decision support system s. Data m ining tools can ans wer business questions that 
traditionally were too tim e consum ing to resolve. T hey scan databases for hidden 
patterns, finding predictive inform ation that exper ts m ay m iss because it lies outside their 
expectations 
 
2 The Scope : Data m ining derives its nam e from  the sim ilaritie s between searching for 
valuable business inform ation in a large database —  for exam ple, finding linked products 
in gigabytes of store and m ining a m ountain of data base for a valuable ore(ie:knowledge). 
Both processes require either sifting through an im m ense am ount of m aterial, or 
intelligently probing it to find exactly where the value resides. G iven databases of 
sufficient size and quality, data m ining technology  can generate new business 
opportunities.  
 
Data m ining techniques can yield the benefits of au tom ation on existing software and 
hardware platform s, and can be im plem ented on new s ystem s as existing platform s are 
upgraded and new products developed. W hen data m ini ng tools are im plem ented on high 
perform ance parallel processing system s, they can a nalyze m assive databases in m inutes. 
Faster processing m eans that users can autom aticall y experim ent w ith m ore m odels to 
understand com plex data. H igh speed m akes it practi cal for users to analyze huge 
quantities of data. Larger databases, in turn, yiel d im proved predictions. 

 
3 Stages of the Consum er Buying Process: Six Stages to the Consum er Buying 
Decision Process. Actual purchasing is only one sta ge of the process. Not all decision 
processes lead to a purchase. A ll consum er decision s do not always include all 6 stages, 
determ ined by the degree of com plexity. The 6 stage s are:  
1. Problem  Recognition--difference between the desired  state and the actual condition. 

Deficit in assortm ent of products.  
2. Inform ation search-- A  successful inform ation searc h leaves a buyer w ith possible 

alternatives, the evoked set. 
a. Internal search, m em ory. 
b. External search if you need m ore inform ation. Frien ds and relatives (word of 

m outh). M arketer dom inated sources; com parison shop ping; public sources etc.  
3. Evaluation of A lternatives--need to establish crite ria for evaluation, features the buyer 

wants or does not want. Rank/weight alternatives or  resum e search.  
4. Purchase decision--Choose buying alternative, inclu des product, package, store, 

m ethod of purchase etc.  
5. Purchase--M ay differ from  decision, tim e lapse betw een 4 &  5, product availability. 
6. Post-Purchase Evaluation--outcom e: Satisfaction or D issatisfaction. Cognitive 

D issonance, have you m ade the right decision. This can be reduced by warranties, 
after sales com m unication etc.   

 
 
 
Types of Consum er Buying Behavior : Types of consum er buying behavior are 
determ ined by:  



• Level of Involvem ent in purchase decision. Im portan ce and intensity of interest in 
a product in a particular situation. 

• Buyer’s level of involvem ent determ ines why he/she is m otivated to seek 
inform ation about a certain products and brands but  virtually ignores others. 

 
H igh involvem ent purchases--Honda M otorbike, high p riced goods, products visible to 
others, and the higher the risk the higher the invo lvem ent. Types of risk: 

• Personal risk 
• Social risk 
• Econom ic risk 

The four type of consum er buying behavior are: 
• Routine Response/Program m ed Behavior--Buying low  in volvem ent frequently 

purchased low cost item s; need very little search a nd decision effort; purchased 
alm ost autom atically. Exam ples include soft drinks,  snack foods, m ilk etc. 

• Lim ited Decision M aking--Buying product occasionall y. W hen you need to 
obtain inform ation about unfam iliar brand in a fam i liar product category, perhaps. 
Requires a m oderate am ount of tim e for inform ation gathering. Exam ples include 
Clothes--know product class but not the brand. 

• Extensive Decision M aking/Com plex high involvem ent,  unfam iliar, expensive 
and/or infrequently bought products. H igh degree of  
econom ic/perform ance/psychological risk. Exam ples i nclude cars, hom es, 
com puters, education. Spend a lot of tim e seeking i nform ation and deciding. 
Inform ation from  the com panies M M ; friends and rela tives, store personnel etc. 
Go through all six stages of the buying process. 

• Im pulse buying, no conscious planning. 
 
The purchase of the sam e product does not always el icit the sam e Buying Behavior. 
Product can shift from  one category to the next. Fo r exam ple: Going out for dinner for 
one person m ay be extensive decision m aking (for so m eone that does not go out often at 
all), but lim ited decision m aking for som eone else.  The reason for the dinner, whether it 
is an anniversary celebration, or a m eal w ith a cou ple of friends w ill also determ ine the 
extent of the decision m aking.  
Research Design 
 

The first and prim e objective of our study is com pa rative analysis of consum ers 
buying behavior in South-W estern M aharashtra State in the selected superm arkets. The 
study of consum er behavior is the m ost im portant fa ctor for m arketing of any goods and 
services. The consum er behavior suggests how indivi dual, groups and organization 
select, buy, use and dispose of goods, services, id eas or experience to satisfy their needs 
and wants. It also clues for im proving or introduci ng products or services, setting price, 
devising channels, prom oting products, venturing jo int products, etc. w hich ultim ately 
leads to the conversion of visitor to a custom er. 
 
4 M ethodology A dopted: The descriptive research design m ethodology was fol lowed in 
the present research design. Research problem : A  st udy of buying behavior in South-
W estern M aharashtra State in the selected superm ark ets.  



Data source : Prim ary data and secondary data 
Research approach:  Survey approach 
Research m ethodology : Exploratory m ethod 
Research Instrum ents:  Questionnaire 
 
5  Sam pling Plan - Selected Super M arkets as below:  
Sam ple:  Super M arket : Big Bazaar, Lucky Bazaar and D-M art  
Sam ple M ethod :  Random  Sim ple Sam pling 
Sam ple size : 180 (From  each Bazaar 60 respondents) 
Prim ary data Questionnaire and Interview 
 
6  Sam ple Design 
W hile deciding about the sam ple of research, it is required from  the researcher’s point to 
pay attention to these under m entioned points: 
a) Sam ple U nits:  A  decision has to be taken concerning a sam pling u nit before selecting 
a sam ple, sam pling unit m ay be a geographical one s uch as state, district, village Etc. so 
in this research sam pling unit is South-W estern M ah arashtra State  
b) Source list:  It is also called sam pling fram e from  which sam ple  is to be drawn ,it 
caters nam e of all the item s of a universe (in case  of finite universe only).Researcher has 
to prepare it 
c) Sam pling size:  This refers to the no. of item s to be selected fro m  the universe to 
constitute a sam ple. This is a m ajor problem  before  the researcher. The size of sam ple 
should neither be excessively large not too sm all, it should be optim um . This size of 
population m ust be kept in view for this also lim it s the sam ple size .Sam ple size in this 
research is 75 custom ers. 
d) Sam pling procedure:  Finally the researcher m ust decide the type of sam ple he m ust 
be .That is he m ust decide about the technique to b e used in selecting item s for the 
sam ple .In fact this technique or procedure stands for the sam ple design itself. In this we 
used the random  sam pling on the basis of first surv ey results, which is from  75 
respondents. 
 
7 Instrum ents U sed 
W e have collected prim ary data through sam ple surve y or census surveys from  the 
selected elem ents in super m arkets. So for this pur pose we have used the m ost popular 
tool of prim ary data collection through direct com m unication w ith respondents. The tools 
we used are questionnaires. 
Source of data: Data required for the study was col lected 
through prim ary sources i.e. M arket Survey. 
 
8 M ethod of Data C ollection 
Actually data is of two kinds so researchers should  keep in m ind both types of data.  
a) Prim ary Data: Prim ary data are those, which are collected afresh and for the first tim e 
and this happen to be original in character. 
b) Secondary Data: Secondary data are those data wh ich have already been collected by 
som eone else and which have already been used as pe r required. 
 



There are basically two sources to collect secondar y data 
a) Internally: Provided by the com pany/organization  
b)Externally: Various publication of central, state  and local Governm ent. 
· Books, m agazines, new spapers, Internet 

 
W e have collected data from  selected super M arkets using questionnaire schedules and 
noted down their opinions of their experiences abou t services provided by the super 
m arkets under study. A fter soliciting the data thro ugh survey conducted and then data is 
entered into the Excel sheets. Then XL-M iner tool  was used to process the data and to 
get the com puted outputs. Follow ing are som e sam ple  tables shown which indicates 
various param eters studied and the association exis t between the param eters.    

 

9. Data Analysis A nd Interpretation  

Table No1 
Bazar &  Incom e  

Rule 
# 

Conf. 
%  

Antecedent  
(a) 

Consequent 
(c) 

Support 
(a) 

Support 
(c) 

Support 
(a U  c) 

Lift Ratio 

11 34.62  < 1.5 Lakh=>   Lucky  78 60 27 1.038462 
12 34.62  < 1.5 Lakh=>   Big Bazar  78 60 27 1.0384 62 
16 30.77  < 1.5 Lakh=>   D  M art  78 60 24 0.923077 
4 39.13  < 3 Lakh=>   D  M art  69 60 27 1.173913 

14 31.88  < 3 Lakh=>   Big Bazar  69 60 22 0.956522  
22 28.99  < 3 Lakh=>   Lucky  69 60 20 0.869565 
5 34.78  < 4.5 Lakh=>   Big Bazar  23 60 8 1.043478  
6 34.78  < 4.5 Lakh=>   Lucky  23 60 8 1.043478 

17 30.43  < 4.5 Lakh=>   D  M art  23 60 7 0.913043 
1 50  > 4.5=>   Lucky  10 60 5 1.5 

19 30  > 4.5=>   Big Bazar  10 60 3 0.9 
23 20  > 4.5=>   D  M art  10 60 2 0.6 
7 13.33  Big Bazaar=>   < 4.5 Lac  60 23 8 1.043478  

10 45  Big Bazaar=>   < 1.5 Lac  60 78 27 1.038462 
13 36.67  Big Bazaar=>   < 3 Lac  60 69 22 0.956522  
20 5  Big Bazaar=>   > 4.5  60 10 3 0.9 
3 45  D M art=>   < 3 Lac  60 69 27 1.173913 

15 40  D M art=>   < 1.5 Lac  60 78 24 0.923077 
18 11.67  D M art=>   < 4.5 Lac  60 23 7 0.913043 
24 3.33  D M art=>   > 4.5  60 10 2 0.6 
2 8.33  Lucky=>   > 4.5  60 10 5 1.5 
8 13.33  Lucky=>   < 4.5 Lac  60 23 8 1.043478 
9 45  Lucky=>   < 1.5 Lac  60 78 27 1.038462 

21 33.33  Lucky=>   < 3 Lac  60 69 20 0.869565 

 

The above table represents the various group of cus tom er falling under different groups 
i.e. 1. Incom e having up to 1.5 lakh p.a.,2. Incom e  having less than 3 lakhs p.a. and 3. 
Incom e having less than 4.5 lakh p.a. and last grou p incom e having m ore than 4.5 lakh 
p.a. The observations indicates that the confidence  level 34.62% , 34.62%  and 30.77%  for 
Lucky Bazaar, Big Bazaar and D M art bazaar respecti vely for incom e group possessing 



less than 4.5 lakh p.a. W hich shows the people havi ng incom e less than 1.5 lakh p.a. 
prefer buying products from  nearest bazaar irrespec tive of all other factors.  
 
The custom ers belong into next group of incom e slot  (i.e. incom e less than 3 lakh) the 
m ajority of them  (39.13% ) prefer buying from  D m art , where as 31.88%  and 28.99%  
prefer buying from  Big bazaar and Lucky Bazaar resp ectively.  
 
The custom er population having incom e less than 4.5  lakh p.a. have shown preference 
(34.78% ) to Lucky Bazaar and Big Bazaar each and 30 .43%  custom ers go for purchasing 
to D M art.  
Incom e group calling under m ore than 4.5 lakh incom e p.a. have shown (50% ) buying 
confidence in Lucky Bazaar and 30%  confidence buyin g through Big Bazaar and 
rem aining 20%  from  D M art.  
 
Conclusion:  It was inferred from  above observations that from  a verage incom e group 
people prefer buying from  the nearest bazaar irresp ective of other factors.  

Table No.2 
Bazaar &  Education  

R ule 
# 

Conf. 
%  

A ntecedent  
(a) 

C onsequent 
(c) 

Support 
(a) 

Support 
(c) 

Support 
(a U  c) 

Lift R atio 

1 50  SSC=>   Big Bazaar  6 60 3 1.5 
11 33.33  SSC=>   D M art  6 60 2 1 
23 16.67  SSC=>   Lucky  6 60 1 0.5 
4 43.08  pg=>   D M art  65 60 28 1.292308 

18 29.23  pg=>   Big Bazar  65 60 19 0.876923 
20 27.69  pg=>   Lucky  65 60 18 0.830769 
5 60  Lucky=>   graduate  60 94 36 1.148936 

14 8.33  Lucky=>   HSC  60 15 5 1 
19 30  Lucky=>   pg  60 65 18 0.830769 
24 1.67  Lucky=>   SSC  60 6 1 0.5 
9 33.33  HSC=>   Big Bazaar  15 60 5 1 

10 33.33  HSC=>   D M art  15 60 5 1 
12 33.33  HSC=>   Lucky  15 60 5 1 
6 38.3  graduate=>   Lucky  94 60 36 1.148936 
8 35.11  graduate=>   Big Bazaar  94 60 33 1.053191  

22 26.6  graduate=>   D M art  94 60 25 0.797872 
3 46.67  D M art=>   pg  60 65 28 1.292308 

15 8.33  D M art=>   HSC  60 15 5 1 
16 3.33  D M art=>   SSC  60 6 2 1 
21 41.67  D M art=>   graduate  60 94 25 0.797872 
2 5  Big Bazaar=>   SSC  60 6 3 1.5 
7 55  Big Bazaar=>   graduate  60 94 33 1.053191 

13 8.33  Big Bazaar=>   HSC  60 15 5 1 
17 31.67  Big Bazaar=>   pg  60 65 19 0.876923 

 

The above table represents the data of custom ers ha ving different educational criteria, 
who do visit to different bazaars as below: 
 



The custom ers having SSC (50% ) visit Big Bazaar, 33 .33%  visit D  M art and 16.67%  
visit Lucky Bazaar this m ay be due to aggressive pr om otional activities like (Buy one, 
Get one Free) and discounts coupons. The custom ers having HSC background have 
shown equal interest in visiting Big Bazar, D M art and Lucky Bazaar respectively. The 
Graduate custom er population have shown 38.3%  prefe rence to Lucky Bazar, 33.11%  
preference to Bazaar and 26.6%  to D  M art. 
The Post graduate people go to purchasing for (43.0 8% ) to D M art, 29.23%  Big Bazar 
and 27.67%  to Lucky Bazaar respectively. 
 
Conclusion : M ost of highly educated people prefer purchasing from  D M art  super 
m arket only. 
 
10. Conclusions  A nd Suggestions  :  As the consum er buying behavior is the im portant 
factor to forecast the sales of any product in a pa rticular area. So com pany should keep 
close eye on the m arket situation. yet, custom er we re price sensitive, but the changing 
m arket trend and custom er view  and preference shown  that custom er are now quality 
sensitive .They want quality product, good services , easy availability of product and 
better perform ance by the product. These days no of  custom er buying from  m alls has 
been increased. A lso the frequency to visit the m al ls has been increased substantially. 
People are m ore brands conscious and they are satis fied w ith the range of products 
available there. W e can conclude from  our study tha t  
 
Suggestions 

1. Custom er like best quality product on any price, so  super m arket should add latest 
technology to their products. 

2. After sales, services are the area where super m ark et can highly satisfy the 
existing custom er, because they can m ake m ore custo m ers through their word of 
m outh.  

3. Custom er’s behavior always looks for som e extra ben efit w ith purchasing. They 
dem and for affordable price for product and gifts w ith purchasing. 

4. Super m arket should m ake strategy to cater every in com e group custom ers in city. 
Upper incom e group are affordable to purchase but l ower incom e group is not. So 

5. They should keep a close eye on com petitor strategy . 
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